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Goal: G+ regression line +o cata




Q: How to seleet model weights 7

Appmad\ #ie Anad\rfica.l
@ closed form solution
@ only Works with simple models
Approach #2: Gradient Descent
@ can workK with Comp lex models
@ only quarantees [ocal minimum

@ initialization £ seftings matter



Gradient cdescent is an iterative qpproad\ to optimization.

@ start with random quess

@ take Step in direction of negative gradient

@ re,peat unti/ ConV¢r36ncc
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Exer . @ clerive gradignt
® implement in notebook
© plot MSE vs iteration for Y= 0.1, 0.0
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Goal ¢
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Gradient Descent -

Initialize w randomly
for i in range (numHerations).
2
Warad = -5 XTy + = XX

W = w-—x.wsrad



Key ideas: o gradient descent is a flexible + powerful way to fit a model
° define mode| & loss - derive gradient o gradient descent
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